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Introduction

In recent years, many states and educator preparation pro-
grams (EPPs) have adopted teacher performance assess-
ments (TPAs) as a way to measure teacher candidates’ 
knowledge and instructional skills. As of 2021, 16 states 
require that candidates pass a TPA; four other states allow 
but do not require a TPA as a measure of candidate readiness 
(Putnam & Walsh, 2021). Unlike licensure exams, which 
measure candidates’ content or pedagogical content knowl-
edge through closed-ended questions, TPAs measure candi-
dates’ ability to enact instruction. In particular, TPAs require 
candidates to demonstrate their teaching ability on a range of 
instructional tasks—for example, planning lessons, estab-
lishing a supportive environment, assessing student learning, 
providing feedback, and reflecting on practice. EPPs can use 
evidence from TPAs to inform program improvement efforts 
(Peck et al., 2014) and to make high-stakes decisions regard-
ing program completion. States can require that candidates 
pass a TPA before conferring a teaching license.

Teacher candidates typically compile their TPA evidences 
as part of their student teaching experience. As such, TPAs 
capture the planning, instruction, and assessment that occur 
in real P-12 classrooms and with real P-12 students. This 

immersion in P-12 settings matters given research on teacher 
development. Over the last decade, a rich body of scholar-
ship has shown that inservice teachers are more effective, as 
measured by value-added to student achievement and evalu-
ation ratings, when working in a high-quality learning envi-
ronment—that is, schools in which students make larger 
achievement gains, teachers collaborate, and teachers stay 
(Kraft & Papay, 2014; Loeb et al., 2012; Ronfeldt et al., 
2015; Sass et al., 2012). Similarly, teachers are more effec-
tive when working with colleagues who have higher value-
added estimates (Jackson & Bruegmann, 2009; Sun et al., 
2017).

This work on teacher development extends into preservice 
teacher education, where multiple studies highlight the value 
of student teaching placements to the learning of candidates. 
Early-career teachers have higher value-added estimates and 

1105814 JTEXXX10.1177/00224871221105814Journal of Teacher EducationBastian et al.
research-article2022

1The University of North Carolina at Chapel Hill, USA

Corresponding Author:
Kevin C. Bastian, Research Associate Professor, Department of Public 
Policy, Education Policy Initiative at Carolina, The University of North 
Carolina at Chapel Hill, 308 West Rosemary, Chapel Hill, NC 27514, USA. 
Email: kbastian@email.unc.edu

Does Placement Predict Performance? 
Associations Between Student Teaching 
Environments and Candidates’ 
Performance Assessment Scores

Kevin C. Bastian1 , Diana B. Lys1,  
and Waverly R. L. Whisenant1

Abstract
In the present study, we examine whether characteristics of student teaching sites and cooperating teachers predict teacher 
candidates’ edTPA scores. Using data from North Carolina, we find that candidates earn higher edTPA scores if they student-
taught in a high value-added school and with a cooperating teacher earning higher evaluation ratings. Evidence also suggests 
that candidates earn higher scores when they are mentored by a cooperating teacher who is more familiar with performance 
assessments. Finally, we find that the relationships between student teaching environments and edTPA scores vary by 
characteristics of the candidate. This study reinforces prior work on the importance of learning environments to teacher 
development and the importance of preparation programs securing placements in high-quality learning environments. Our 
results may also have implications for the use of performance assessments by states and preparation programs.

Keywords
student teaching, performance assessment, educational policy, preservice teacher education, quantitative research

https://us.sagepub.com/en-us/journals-permissions
https://journals.sagepub.com/home/jte
mailto:kbastian@email.unc.edu
http://crossmark.crossref.org/dialog/?doi=10.1177%2F00224871221105814&domain=pdf&date_stamp=2022-07-12


2 Journal of Teacher Education 00(0)

higher evaluation ratings after student teaching in schools with 
high-quality learning environments (Bastian et al., 2020; 
Ronfeldt, 2012, 2015). Early-career teachers are also more 
effective, as measured by value-added and evaluation ratings, 
after being mentored by cooperating teachers who are more 
instructionally effective themselves (Bastian et al., 2020;  
Goldhaber, Krieg, Naito, et al., 2020; Ronfeldt et al., 2018).

In the present study, we examine TPAs and their use in 
teacher education in light of this recent evidence on student 
teaching placements. Given work showing that student 
teaching environments predict the value-added and evalua-
tion ratings of early-career teachers, we ask whether the 
characteristics of placement sites and cooperating teachers 
also predict candidates’ TPA scores. We carry out this work 
by connecting the TPA scores of approximately 3,000 candi-
dates in North Carolina to characteristics of their student 
teaching schools and cooperating teachers. In particular, we 
focus on candidates’ scores from the edTPA, a widely 
adopted TPA that was created by the Stanford Center for 
Assessment, Learning, and Equity (SCALE) and is used by 
many EPPs in North Carolina. Our analyses extend recent 
work on clinical experiences and teacher candidate develop-
ment and have implications for student teaching placements 
and the use of TPAs by states and EPPs.

Background

Research on edTPA

edTPA is a portfolio-based performance assessment that can-
didates typically complete during their student teaching 
experience. Specifically, edTPA portfolios consist of lesson 
plans, video clips of instruction, samples of student work, 
and candidates’ reflective commentaries on their teaching. 
edTPA is a subject-specific TPA with 27 unique handbook 
areas (e.g., secondary mathematics). Most edTPA handbook 
areas consist of three main teaching tasks—Planning, 
Instruction, and Assessment. Nested within these tasks are 
15 rubrics, five for each task, upon which candidates receive 
scores.1 Official scorers, trained and certified by Pearson 
Education, score each rubric from 1 to 5, where a “1” indi-
cates a struggling candidate who is not ready to teach, a “3” 
indicates an acceptable level of performance to begin teach-
ing, and a “5” indicates a highly accomplished candidate.

SCALE (2013) conceptualizes edTPA as a portfolio-based 
assessment that places student learning at the center of a 
three-step teaching process—planning, instruction, and 
assessment. Each of these steps is informed by the analysis 
of data and instructional practice. More broadly, Sato (2014) 
contends that by providing a common language and common 
expectations for instruction, edTPA conceptualizes teaching 
as a professional practice, both for candidates and for the 
teacher education field. Importantly, this push toward profes-
sionalism still allows candidates, in their edTPA portfolios, 
to enact instruction that is more teacher- or student-centered, 

instruction that incorporates critical pedagogies, and instruc-
tion that demonstrates a commitment to all students (Sato, 
2014).

There is a developing body of scholarship examining the 
implementation of edTPA, the reliability and validity of the 
instrument, and the implications of edTPA for stakeholders. 
Regarding implementation, a number of studies have critiqued 
the roll-out of edTPA in certain EPPs and states (De Voto et al., 
2021; Ledwell & Oyler, 2016). Implementation challenges 
have limited stakeholder buy-in and the impact of the instru-
ment. Beyond implementation, Gitomer and colleagues (2021) 
raise concerns with the reliability of edTPA scoring and the 
accuracy of consequential decision-making. Specifically, they 
argue that SCALE’s annual reports do not rigorously assess 
the technical properties of edTPA, meaning EPPs and states 
cannot make informed decisions about its use. Their own anal-
yses suggest that a high number of pass-fail misclassifications 
are possible and that candidates from historically marginalized 
groups may be disproportionately affected. This connects to 
other concerns about edTPA and diversity—that the assess-
ment may limit EPP curriculum (Tuck & Gorlewski, 2016) 
and that candidates of color are less likely to pass the assess-
ment (Goldhaber, Cowan, et al., 2017).

Multiple studies have examined the content, construct, 
and predictive validity of edTPA. Content validity analyses 
indicate that edTPA rubrics are well-aligned with other 
assessments of teaching—for example, Framework for 
Teaching and InTASC standards (Sato, 2014). Regarding 
construct validity, analyses show that edTPA measures three 
domains of teaching that are well-aligned to the planning, 
instruction, and assessment tasks (Bastian et al., 2016; 
SCALE, 2019). Finally, several studies indicate that candi-
dates’ edTPA scores predict their future performance as 
inservice teachers. For example, initial studies in North 
Carolina show that higher edTPA scores predict higher value-
added estimates and evaluation ratings (Bastian & Lys, 2016; 
Bastian, 2018). Work in Washington State indicates that 
those who pass the edTPA have higher value-added estimates 
in reading (Goldhaber, Cowan, et al., 2017).

Collectively, these studies both challenge and support the 
use of edTPA. Ultimately, we contend that edTPA scores are 
an important outcome to assess for several reasons. First, 
edTPA is a measure of teaching practice that occurs in real 
P-12 classrooms. Relative to traditional licensure exams, this 
may mean that edTPA better captures candidates’ readiness to 
teach. Second, edTPA has been widely adopted, with many 
states and EPPs using it for consequential decision-making 
(Putnam & Walsh, 2021). Confirming Sato’s (2014) underly-
ing conception of edTPA, teacher educators report that the 
instrument supports their curricula (Miller et al., 2015). Third, 
given reliability concerns (Gitomer et al., 2021), continued 
research is necessary to inform instrument use. Finally, there 
is relatively little scholarship on the candidate and program-
matic features associated with edTPA scores. Evidence shows 
that higher grade point averages (GPAs), performance on 
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practice tasks, and attendance at edTPA support sessions pre-
dict higher scores (Cash et al., 2019; Williams et al., 2019). 
To our knowledge, ours is the first study to rigorously assess 
whether student teaching environments predict candidates’ 
edTPA scores.

Why Student Teaching Environments May 
Influence TPA Scores

Student teaching is a valuable opportunity for candidates to 
observe, learn, and enact teaching practices in authentic P-12 
learning environments (Anderson & Stillman, 2013; Ronfeldt 
& Reininger, 2012). This matters given the robust body of 
research showing that learning environments that nurture 
collaborative and high-performing teacher communities ben-
efit the development of inservice teachers (Kraft & Papay, 
2014; Louis & Marks, 1998; Reeves et al., 2017; Ronfeldt et 
al., 2015; Zeichner & Gore, 1990). For example, using data 
from North Carolina, Kraft and Papay (2014) found that pos-
itive professional learning environments accelerate teacher 
development, as measured by student achievement, and cre-
ate school cultures with meaningful peer collaboration. 
Collaboration is related to greater job satisfaction (Reeves et 
al., 2017), increased student achievement (Ronfeldt et al., 
2015), and increased teacher retention (Boyd et al., 2011).

Similarly, an emerging body of research shows that candi-
dates benefit from student teaching in a high-quality learning 
environment and with a highly effective cooperating teacher 
(Bastian et al., 2020; Goldhaber, Krieg, et al., 2017; 
Goldhaber, Krieg, Naito, et al., 2020; Goldhaber et al., 2022; 
Ronfeldt, 2012, 2015, 2021; Ronfeldt et al., 2018). For 
instance, in New York City, candidates who student-taught in 
easier-to-staff schools were 14% to 22% less likely to leave 
the district in their first 5 years of teaching (Ronfeldt, 2012). 
In addition, in Washington State, a 1 SD increase in the coop-
erating teacher value-added is associated with an 18% of a 
standard deviation increase in the value added of the candi-
date as an inservice teacher (Goldhaber, Krieg, Naito, et al., 
2020). While these findings could be due to candidates sort-
ing into placement sites, initial evidence from random 
assignment studies shows that candidates assigned to high-
quality placements report feeling better prepared to teach 
(Ronfeldt, Bardelli, Truwit, et al., 2020) and make larger 
gains in their instructional performance during student teach-
ing (Goldhaber et al., 2022).

As characteristics of student teaching sites and cooperat-
ing teachers predict outcomes for early-career teachers, it 
stands to reason that they may also predict the quality of a 
candidate’s TPA portfolio. Candidates may learn more by 
observing high-quality teaching, by receiving high-quality 
and more frequent feedback, and by interacting with a high-
quality and more collaborative teaching community. We 
hypothesize this learning will translate to the quality of can-
didates’ edTPA portfolios, such that candidates placed in 

high-quality learning environments and with more effective 
cooperating teachers will have higher edTPA scores. 
Conversely, it is possible that associations between charac-
teristics of the student teaching site and edTPA scores signify 
challenges in enacting or measuring high-quality instruction 
in certain environments—for example, schools with many 
low-income students. Like recent scholarship on inservice 
teacher evaluation systems, such associations may reflect 
bias in edTPA scoring (Ronfeldt & Campbell, 2016; Steinberg 
& Garrett, 2016).

We predict the associations between student teaching 
environments and edTPA scores will hold across candidates. 
However, we are particularly interested in two candidate 
subgroups. First, given recent work showing that candidates 
with lower GPAs benefit more from high-quality placements 
(Bastian et al., 2020), we assess whether our results differ by 
candidate GPA. While GPA is an imperfect proxy of perfor-
mance, candidates with lower GPAs may benefit more from 
high-quality placements because they have more knowledge 
and/or skills to gain. Second, given concerns about the diver-
sity of the teacher workforce and data showing that candi-
dates of color are less likely to pass edTPA (Goldhaber, 
Cowan, et al., 2017; SCALE, 2019), we assess whether our 
results differ for White candidates versus candidates who are 
Black or Hispanic.2 These subgroup analyses can more gran-
ularly inform placement practices and more thoroughly 
assess whether student teaching environments affect edTPA 
scores of certain candidates. This may have implications for 
TPAs and high-stakes decision-making.

Data and Sample

Research Sample

Our analyses focus on 2,842 teacher candidates from 13 uni-
versities in North Carolina. These candidates completed an 
edTPA portfolio in the 2015–2016, 2016–2017, or 2017–
2018 academic years as part of a traditional student teaching 
experience—that is, completed prior to graduation and 
becoming an inservice teacher. As shown in the top panel of 
Table 1, 83% of the candidates in our sample are female, 
85% are White, and the average GPA of these candidates is 
3.58. Eighty-six percent of these candidates were in an 
undergraduate teacher education program and approximately 
75% completed their edTPA in the spring semester.

With administrative data from the North Carolina 
Department of Public Instruction (NCDPI), we link these 
candidates to characteristics of their student teaching school 
and cooperating teacher. Nearly 94% of the candidates in our 
sample had a student teaching experience in only one place-
ment school and with only one cooperating teacher. 
Approximately 6% of the candidates in our sample had two 
cooperating teachers—either at the same placement school 
or at two separate placement schools. We account for these 
multiple placements/cooperating teachers by weighting each 
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of these candidate observations at 0.50. Teacher candidates 
with one placement school/cooperating teacher have a weight 
of 1.

Outcome Measures

For our analyses, we created four outcome measures: (a) the 
total score, which is the sum of the 15 main edTPA rubrics; 
(b) the planning score, which is the sum of the five rubrics in 
the Planning Task; (c) the instruction score, which is the sum 
of the five rubrics in the Instruction Task; and (d) the assess-
ment score, which is the sum of the five rubrics in the 
Assessment Task.3 With these measures, we assess whether 
placement school and cooperating teacher characteristics 
influence the edTPA total score, our most policy-relevant 
outcome, and whether these placements influence certain 

teaching skills. The second panel of Table 1 presents edTPA 
scores for the candidates in our sample. Overall, the average 
total score is 44.69. The average scores for the Planning, 
Instruction, and Assessment tasks are 15.14, 14.80, and 
14.75, respectively. It is important to note that North Carolina 
did not make edTPA scores consequential for licensure until 
2018–2019. As such, during our study period, candidate per-
formance on the edTPA was only subject to EPP-level conse-
quences (e.g., no consequences, scores part of course grades, 
scores influencing EPP recommendations for licensure).

Characteristics of the Placement School and 
Cooperating Teacher

Our analyses focus on a range of placement school and coop-
erating teacher characteristics that shape the learning 

Table 1. Descriptive Data for the Analytical Sample.

Candidate characteristics M (SD)

% Female 83.43 (37.22)
% White 85.29 (35.45)
GPA 3.58 (0.34)
% Enrolled in an undergraduate EPP 85.91 (34.80)
% Enrolled in a graduate-level EPP 14.09 (34.80)
% Completing edTPA in the fall semester 23.96 (42.73)
% Completing edTPA in the spring semester 76.04 (42.73)
Scores on the edTPA
 Total score 44.69 (6.30)
 Planning score 15.14 (2.43)
 Instruction score 14.80 (2.13)
 Assessment score 14.75 (2.85)
Placement school characteristics
 % Economically disadvantaged students 49.91 (22.40)
 % Students of color 51.23 (23.75)
 Short-term suspension rate (per 100 students) 12.68 (14.55)
 % Exceeds expected achievement growth 31.47 (46.44)
 % Meets expected achievement growth 43.61 (49.60)
 % Does not meet expected achievement growth 24.92 (43.26)
 Teacher retention 81.42 (6.98)
 Teacher collaboration 3.84 (0.28)
Cooperating teacher characteristics
 % Female 85.49 (35.23)
 % Teacher of color 10.64 (30.84)
 Teacher experience 14.51 (7.60)
 % Nationally board certified 23.44 (42.37)
 % Graduate degree 41.43 (49.27)
 Licensure exam scores (Standardized) 0.249 (0.67)
 % EPP match 35.31 (47.80)
 Prior-year evaluation ratings 4.01 (0.48)
 Prior-year value-added estimate (standardized) 0.299 (0.934)
 % Prior year exceeds expected achievement growth 26.18 (43.97)
 % Prior year meets expected achievement growth 63.43 (48.17)
 % Prior year does not meet expected achievement growth 10.39 (30.52)

Note. This table displays demographic and programmatic data, average edTPA scores, and characteristics of the student teaching placement school and 
cooperating teacher. EPP = educator preparation program; GPA = grade point averages.
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environment for candidates. Regarding the placement school, 
we consider the following characteristics: the percentage of 
economically disadvantaged students and students of color, 
suspension rates, school achievement growth, teacher reten-
tion rates, and a measure of teacher collaboration.

We examine the percentage of economically disadvan-
taged students and students of color because these may be 
proxies for educational resources associated with high-
quality learning environments (Goldhaber et al., 2015). 
More specifically, schools serving many low-income stu-
dents and students of color face structural inequities—for 
example, less funding, less access to health services—that 
may lead to opportunity gaps for P-12 students (Adamson 
& Darling-Hammond, 2012; Baker & Corcoran, 2012). We 
consider suspension rates because schools in which there 
are fewer disciplinary incidents may be schools that better 
promote learning (Noltemeyer et al., 2015). However, in 
assessing suspension rates as a measure of the learning 
environment, it is important to note two inter-related limi-
tations of these data: (a) significant differences in school 
disciplinary practices exist based on student race—that is, 
students of color are much more likely to be suspended 
than their White peers (Milner, 2013)—and (b) given prin-
cipals’ discretion in suspending students, suspension rates 
may not accurately convey the extent of student misbehav-
ior at a school.

We examine school achievement growth given prior work 
showing that early-career teachers have higher value-added 
estimates after student teaching in a high value-added school 
(Ronfeldt, 2015). We operationalize this measure with indi-
cators for placement schools that exceed, meet, or fail to 
meet expected achievement growth.4 We consider teacher 
retention at the placement site because schools where teach-
ers stay may indicate high-quality learning environments 
(Ronfeldt, 2012, 2015). We create this measure by excluding 
retirement-eligible teachers from the sample and calculating 
the percentage of teachers who return to the same school in 
the following year. To account for temporal anomalies, we 
calculate placement school retention rates as 3-year rolling 
averages and standardize this measure for analyses. Finally, 
given the connections between teacher collaboration and 
teacher effectiveness (Ronfeldt et al., 2015; Zeichner & 
Gore, 1990), we include a teacher-reported measure of col-
laboration at the placement school. We create this collabora-
tion measure by aggregating to the school level teachers’ 
responses to four items from a statewide working conditions 
survey.5 We standardize this teacher collaboration measure 
for analyses.

The cooperating teacher characteristics we analyze fall 
into one of three categories: demographics, credentials, and 
measures of cooperating teachers’ prior instructional perfor-
mance. The demographic measures are indicators for female 
and being a teacher of color. For cooperating teacher creden-
tials, we examine teacher experience,6 National Board 

Certification (NBC), graduate degrees, and licensure exam 
scores (e.g., Praxis II). We include these credentials as they 
are associated with teacher value-added, and as such, may 
identify high-quality learning environments for candidates 
(Clotfelter et al., 2007; Cowan & Goldhaber, 2016; Papay & 
Kraft, 2015). We also consider whether the cooperating 
teacher was prepared by the same university as the candi-
date. Alumni of the same EPP may create richer learning 
environments for candidates if they are more familiar with 
EPP coursework and practices.

Finally, for measures of cooperating teachers’ prior per-
formance, we assess their evaluation ratings and value-added 
estimates. We focus on the prior performance of the cooper-
ating teacher—rather than current-year performance—
because hosting a candidate may influence cooperating 
teacher effectiveness (Goldhaber, Krieg & Theobald, 2020; 
Ronfeldt, Bardelli, Brockman, 2020). Our evaluation mea-
sure is an average of the two teaching standards—Leadership 
and Facilitating Student Learning—upon which all North 
Carolina teachers are evaluated on an annual basis.7 For 
cooperating teacher value-added, we examine Education 
Value-Added Assessment System (EVAAS) estimates, the 
state’s official value-added measure.8 These estimates come 
from statewide tests in K-2 reading, mathematics and read-
ing in Grades 3–8, science in Grades 5 and 8, and end-of-
course and final exams in a range of secondary subject-areas 
(e.g., Algebra I, Earth Science). We standardize these EVAAS 
estimates within test and year across all North Carolina 
teachers. When available, we control for an average of coop-
erating teachers’ evaluation ratings and value-added esti-
mates from the previous two school years. If 2 years of prior 
data are not available, we control for 1 year of prior evalua-
tion ratings and value-added estimates.9 In further analyses, 
we replace the continuous value-added measure with indica-
tors for whether, in the previous year, the cooperating teacher 
failed to meet, met, or exceeded expected achievement 
growth.

The bottom panels of Table 1 display the placement 
school and cooperating teacher characteristics for our ana-
lytical sample. On average, candidates student-taught in 
schools where approximately 50% of the P-12 students were 
economically disadvantaged or students of color. Almost 
33% of the placement schools exceeded expected achieve-
ment growth; 25% did not meet expected growth. Teacher 
retention rates were nearly 82% and the average value for 
our teacher collaboration construct was 3.84 on a 1–5 scale. 
Demographic data indicate that the cooperating teachers 
were overwhelming female and White. These cooperating 
teachers were also relatively experienced and well-creden-
tialed—the average years of experience were 14.5, many 
held NBC or a graduate degree, and licensure exam scores 
were 25% of a standard deviation above the statewide mean. 
Effectiveness data show that, on average, cooperating teach-
ers had prior-year evaluation ratings of “accomplished” 
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(Level 4) and prior-year value-added estimates 30% of a 
standard deviation above the statewide mean.

Analyses

We aim to isolate the associations between placement 
school and cooperating teacher characteristics and the 
edTPA scores of candidates. To accomplish this, we must 
account for two threats to the validity of our estimates. 
First, it is possible that candidates who will score higher on 
edTPA, regardless of their student teaching placement, sort 
into high-quality learning environments. For example, can-
didates who will score higher on edTPA may be more likely 
to have a highly effective cooperating teacher. To evaluate 
this concern, Table 2 displays placement school and coop-
erating teacher characteristics by the cumulative GPA of 
candidates and for White candidates versus Black and 
Hispanic candidates. These comparisons are particularly 
salient given prior work on the benefits of high-quality 
learning environments for candidates with lower GPAs 
(Bastian et al., 2020) and given concerns about edTPA pass 
rates for candidates of color (Bastian, 2018; Goldhaber, 
Cowan, et al., 2017).

The top panel of Table 2 shows that candidates with 
higher GPAs10 earn higher edTPA scores. Similarly, White 
candidates have higher edTPA scores than Black and 
Hispanic candidates. The middle and bottom panels of Table 
2 indicate that there are some differences in student teaching 
environments based on candidate GPA or race/ethnicity. For 
example, Black and Hispanic candidates student-teach in 
schools with more students of color and are more likely to 
have a cooperating teacher of color. These panels also indi-
cate that candidates do not sort into dramatically different 
student teaching environments based on their GPA or race/
ethnicity. There are no differences in cooperating teachers’ 
prior-year evaluation ratings and value-added estimates 
across candidate GPA. Black and Hispanic candidates have 
cooperating teachers with comparable value-added estimates 
and slightly lower evaluation ratings.11 These similarities in 
placement site and cooperating teacher characteristics lessen 
our concern that candidates sort into high-quality learning 
environments based on observable characteristics.

Second, it is possible characteristics of EPPs will confound 
our estimates. In particular, it is possible that candidates who 
student-teach in high-quality learning environments may 

Table 2. Placement School and Cooperating Teacher Characteristics by Candidate GPA and Candidate Race/Ethnicity.

Bottom GPA 
quartile

Middle GPA 
quartiles

Top GPA 
quartile

White 
candidates

Black and Hispanic 
candidates

edTPA scores
 Total Score 42.21 44.73** 47.11** 44.99 42.99**
 Planning Score 14.33 15.12** 15.97** 15.23 14.57**
 Instruction Score 14.24 14.82** 15.36** 14.87 14.45**
 Assessment Score 13.64 14.79** 15.78** 14.89 13.97**
Placement school characteristics
 % Economically disadvantaged students 48.29 50.63* 48.99 49.71 50.65
 % Students of color 52.21 51.91 49.26* 49.67 61.46**
 Short-term suspension rate (per 100 

students)
15.46 12.48** 11.34** 12.64 15.21**

 Exceeds expected achievement growth 35.44 29.24** 32.57 31.72 29.71
 Teacher retention 81.31 81.45 81.44 81.73 79.35**
 Teacher collaboration 3.83 3.85 3.85 3.84 3.88
Cooperating teacher characteristics
 % Female 78.43 86.65** 87.79** 84.69 86.86
 % Teacher of color 10.30 10.99 10.31 9.34 20.00**
 Teacher experience 14.09 14.35 15.18** 14.59 13.86
 % Nationally board certified 22.11 22.87 25.32 23.83 19.71
 % Graduate degree 38.60 42.79 40.84 41.25 42.28
 Licensure exam scores (standardized) 0.252 0.254 0.242 0.257 0.192
 % EPP match 36.54 36.42 31.55* 35.82 32.57
 Prior-year evaluation ratings 4.00 4.00 4.03 4.02 3.92**
 Prior-year value-added estimate 

(Standardized)
0.332 0.312 0.285 0.309 0.278

Note. This table displays edTPA scores and characteristics of the placement school and cooperating teacher by the GPA quartile (bottom, middle, top) of 
candidates and for White candidates versus Black and Hispanic candidates. EPP = educator preparation programs; GPA = grade point averages.
*and ** indicate statistically significant differences in (a) bottom versus middle GPA quartiles; (b) bottom versus top GPA quartiles; and (c) White 
candidates versus Black and Hispanic candidates at the .05 and .01 levels, respectively.
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enjoy other high-quality preparation experiences—for exam-
ple, recruitment and selection practices, coursework, early 
field experiences, coaching during student teaching, and sup-
port for completing the edTPA portfolio. These experiences, 
rather than characteristics of the placement school and cooper-
ating teacher, may explain differences in edTPA scores.

Considering these threats to validity, our preferred ana-
lytical approach is a linear regression model controlling for 
candidate characteristics and an EPP fixed effect. We also 
estimate a model that omits the EPP fixed effect and allows 
us to compare between and within EPPs.12 The candidate 
characteristics include demographics (female and candidate 
of color), cumulative GPA (standardized within EPP and 
year), degree level, edTPA handbook area fixed effects, and 
year fixed effects. Although Table 2 suggests sorting into 
placement sites is not a serious concern, we control for can-
didate demographics and cumulative GPA to address poten-
tial selection biases. Most importantly, by including an EPP 
fixed effect, we control for selection into programs and 
account for other, time-invariant programmatic factors that 
may bias our results. As such, our preferred models assess 
the extent to which variation in placement school and coop-
erating teacher characteristics, within EPPs, predicts varia-
tion in edTPA scores of candidates from the same EPP.

For each of our four outcome measures—total, planning, 
instruction, and assessment scores—we estimate a primary 
model that includes all placement school and cooperating 
teacher characteristics except cooperating teacher value-
added. Because only a subset of cooperating teachers has 
prior-year value-added data, we estimate an additional set of 
models including this measure (along with the other candidate, 
placement school, and cooperating teacher characteristics). To 
complement this approach, we conduct bivariate analyses in 
which the outcome is the edTPA total score and we enter each 
placement school or cooperating teacher characteristic into a 
separate model. These bivariate models also control for candi-
date characteristics and an EPP fixed effect. We prefer models 
that include all placement school and cooperating teacher 
characteristics because this approach allows us to identify the 
conditional associations between student teaching environ-
ments and edTPA scores. We contend that these conditional 
associations better inform policy and practice decisions 
because they more fully isolate the independent effect of a 
given student teaching characteristic.

We specify our preferred regression equation below. Here, 
edTPAScoreij  is the edTPA total, planning, instruction, or 
assessment score for candidate i from EPP j. Student Teachij_  
is a vector of placement school and cooperating teacher char-
acteristics and Candidateij  is a set of candidate covariates.  
µj is an EPP fixed effect and εij  captures unexplained varia-
tion in edTPA scores:

     
edTPAScore StudentTeach Candidateij ij ij

j ij

= + +

+

β γ

µ ε
 (1)

Results

Do Characteristics of Placement Sites and 
Cooperating Teachers Predict Candidates’ edTPA 
Scores?

Tables 3 and 4 present results from models that include all 
placement school and cooperating teacher characteristics. 
Regarding demographics at the placement school, Table 3 
shows that an increase in economically disadvantaged stu-
dents predicts significantly lower edTPA scores. Estimates 
from our EPP fixed-effect models show that a 10 percentage 
point increase in the percentage of economically disadvan-
tage students at the placement school is associated with a 
reduction of approximately 0.16 points in the total score and 
0.06 points in the instruction and assessment scores. These 
results are statistically significant but modest in size. For 
instance, a reduction of 0.16 points is 2.5% of a standard 
deviation in the total score. Results for the percentage of stu-
dents of color are generally insignificant. However, a 10 per-
centage point increase in the percentage of students of color 
predicts slightly higher assessment scores.

Regarding disciplinary incidents at the placement school, 
we find that an increase in suspension rates is associated with 
higher edTPA scores. These results are robust for the total 
and assessment scores in our covariate adjustment and EPP 
fixed-effect models. For example, an increase in suspensions 
from 12.68 per 100 students—the mean in our sample—to 
22.68 per 100 students is associated with a total score 0.16 
points higher and an assessment score 0.07 points higher. 
Despite the modest size, these results are surprising, as we 
expected lower edTPA scores in placement schools with 
more documented student conduct issues. Once again, it is 
important to note the systemic bias in student disciplinary 
referrals (Milner, 2013) and the concern that certain princi-
pals may be more likely to suspend students for offenses that 
are managed differently at other schools. Suspension rates 
may not accurately convey what we wish to measure. The 
suspension estimates are smaller in magnitude and statisti-
cally insignificant in our bivariate analyses (available in the 
Online Appendix). Among observationally similar place-
ments, higher suspension rates predict slightly higher edTPA 
scores. The differences between our preferred (conditional) 
and bivariate analyses suggest that EPPs should be cautious 
in how they consider school suspension rates in their place-
ment decisions.

Our most robust estimates are for the achievement growth 
status (school value-added) of the placement school. Like 
prior work showing that early-career teachers are more effec-
tive if they student-taught in a high value-added school 
(Bastian et al., 2020; Ronfeldt, 2015), we find placement 
school value-added predicts edTPA scores. Comparing 
within EPPs, we find candidates who student-taught in a 
placement school that exceeded expected achievement 
growth have edTPA total scores nearly 0.70 points higher 
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than peers who student-taught in a school that did not meet 
expected growth. This is 11% of a standard deviation in the 
total score. These candidates also have planning and instruc-
tion scores that are 0.22 and 0.28 points higher than candi-
dates who student-taught in a school that did not meet 
growth. Estimates from EPP fixed-effect models indicate 
candidates who student-taught in a placement school that 
met expected growth also have higher total and instruction 
scores than peers who student-taught in schools that did not 
meet growth.

Table 4 presents edTPA estimates for the demographics, 
credentials, and prior instructional performance of cooperat-
ing teachers. Most demographic estimates are statistically 
insignificant. The exception is that candidates score lower on 
the assessment task, by 0.27 points, when matched to a coop-
erating teacher of color. In model extensions, shown in the 
next section, we separately assess this relationship for White 
candidates and for Black or Hispanic candidates.

Estimates for cooperating teacher credentials reveal two 
noteworthy findings. First, estimates suggest having a more 
experienced cooperating teacher does not benefit the edTPA 
scores of candidates. In these analyses, cooperating teachers 
with less than 6 years of experience are the reference group 
and we insert indicators for cooperating teachers with 6–10 
and greater than 10 years of experience. Comparing within 
EPPs, we find that candidates matched to an experienced 
cooperating teacher (greater than 10 years) score lower on 
edTPA, by nearly 0.60 points, than peers matched to a coop-
erating teacher in their early-career period. These experience 
estimates are smaller in magnitude and statistically insignifi-
cant in our bivariate analyses (available online). It is only 

when accounting for other characteristics of the placement 
school and cooperating teacher that cooperating teacher expe-
rience predicts lower edTPA scores. Given these differences 
in results, we contend that EPPs should consider a range of 
cooperating teacher characteristics—not just experience—
when making placement decisions. Second, results indicate 
that candidates matched to a cooperating teacher who is 
Nationally Board Certified score higher, overall and on the 
instruction and assessment tasks, than peers whose cooperat-
ing teacher is not Nationally Board Certified. These candi-
dates have total scores 0.46 points higher and instruction and 
assessment scores 0.17 and 0.21 points higher, respectively. 
Once again, these estimates are relatively modest in size—
approximately 7.5% of a standard deviation in edTPA scores. 
However, they suggest that candidates learn more about qual-
ity instruction and the completion of their edTPA portfolio 
from inservice teachers who have successfully completed an 
intensive portfolio assessment.

Considering the prior effectiveness of cooperating teach-
ers, we return findings that support and differ from previous 
research. Consistent with Ronfeldt and colleagues (2018), 
who found that early-career teachers are more effective if 
their cooperating teacher received higher evaluation ratings, 
we show that candidates have higher edTPA scores if their 
cooperating teacher earned higher evaluation ratings. 
Specifically, a 1-point increase in cooperating teachers’ aver-
age prior-year evaluation ratings is associated with an 
increase of 0.50 points in candidates’ total score and an 
increase of 0.27 points in their assessment score. These esti-
mates are 8% to 9.5% of a standard deviation in the respec-
tive edTPA scores. In addition to evaluation ratings, prior 

Table 3. Placement School Characteristics and edTPA Scores.

Placement school 
characteristics 

Total score Planning score Instruction score Assessment score

(1) (2) (3) (4) (5) (6) (7) (8)

% Economically 
disadvantaged

−0.209**
(0.059)

−0.156*
(0.063)

−0.057*
(0.023)

−0.028
(0.025)

−0.077**
(0.021)

−0.066**
(0.023)

−0.076**
(0.027)

−0.061*
(0.028)

% Students of color 0.123*
(0.058)

0.047
(0.064)

0.024
(0.023)

−0.013
(0.025)

0.023
(0.020)

0.005
(0.023)

0.076**
(0.026)

0.054+
(0.029)

Short-term 
suspension rate

0.338**
(0.088)

0.164+
(0.093)

0.121**
(0.035)

0.060
(0.037)

0.081**
(0.031)

0.032
(0.034)

0.135**
(0.040)

0.072+
(0.042)

Exceeded expected 
growth

0.637*
(0.290)

0.692*
(0.280)

0.213+
(0.114)

0.220*
(0.111)

0.268**
(0.102)

0.277**
(0.101)

0.156
(0.132)

0.196
(0.127)

Met expected growth 0.275
(0.270)

0.441+
(0.260)

0.034
(0.106)

0.087
(0.103)

0.202*
(0.095)

0.232*
(0.094)

0.038
(0.123)

0.121
(0.118)

Teacher retention 
(Std.)

−0.210
(0.165)

−0.188
(0.160)

−0.113+
(0.065)

−0.095
(0.063)

−0.080
(0.058)

−0.086
(0.058)

−0.018
(0.075)

−0.007
(0.073)

Collaboration (Std.) −0.053
(0.124)

−0.094
(0.0121)

−0.055
(0.048)

−0.070
(0.048)

−0.034
(0.044)

−0.047
(0.043)

0.036
(0.056)

0.023
(0.054)

Observation count 3,005 3,005 3,005 3,005 3,005 3,005 3,005 3,005
EPP fixed effect No Yes No Yes No Yes No Yes
R2 .196 .261 .163 .216 .124 .151 .187 .257

Note. Models control for candidate characteristics. EPP = educator preparation programs.
+, *, and ** indicate statistical significance at the .10, .05, and .01 levels, respectively.
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work indicates that early-career teachers are more effective if 
their cooperating teacher had higher value-added estimates 
(Goldhaber, Krieg, Naito, et al., 2020; Ronfeldt et al., 2018). 
We find very little evidence that cooperating teacher value-
added predicts candidates’ edTPA scores. Estimates for 
cooperating teachers’ prior value-added estimates are near 
zero and statistically insignificant. In alternate models that 
include indicators for cooperating teachers meeting or 
exceeding expected achievement growth (relative to cooper-
ating teachers who do not meet growth), we find that candi-
dates earn higher planning scores if their cooperating teacher 
met expected growth in the prior year. None of the remaining 
value-added indicators are statistically significant.

Do Results Vary by Candidates’ GPA or 
Candidate Race/Ethnicity?

The results in Tables 3 and 4 are averages across all of the 
candidates in our analytical sample. These estimates can 

inform teacher educators and policymakers as they consider 
student teaching placements and the role of TPAs in teacher 
education and licensure. However, it is possible estimates 
differ based on characteristics of the candidate. That is, can-
didates with different backgrounds or levels of teaching 
knowledge/skill may be influenced by the student teaching 
environment differently. To investigate this possibility, we 
estimated separate models by candidate GPA (bottom, mid-
dle, and top quartiles) and for White candidates versus Black 
or Hispanic candidates. We focus on these characteristics 
given recent research showing that candidates with lower 
GPAs especially benefit from high-quality student teaching 
environments (Bastian et al., 2020) and given the ongoing 
concerns regarding TPAs and teacher diversity (Goldhaber, 
Cowan, et al., 2017; Tuck & Gorlewski, 2016). In these anal-
yses, the edTPA total score is the outcome and we include all 
placement school and cooperating teacher characteristics. 
The analyses also control for candidate characteristics and an 
EPP fixed effect.

Table 4. Cooperating Teacher Characteristics and edTPA Scores.

Cooperating teacher 
characteristics

Total score Planning score Instruction score Assessment score

(1) (2) (3) (4) (5) (6) (7) (8)

Female 0.548
(0.342)

0.431
(0.330)

0.172
(0.134)

0.111
(0.131)

0.161
(0.120)

0.126
(0.120)

0.216
(0.156)

0.194
(0.150)

Teacher of color −0.475
(0.367)

−0.064
(0.355)

−0.132
(0.144)

0.018
(0.141)

0.096
(0.129)

0.185
(0.129)

−0.439**
(0.167)

−0.267+
(0.161)

6–10 years’ experience −0.293
(0.377)

−0.260
(0.363)

−0.105
(0.148)

−0.083
(0.144)

−0.101
(0.133)

−0.085
(0.131)

−0.087
(0.171)

−0.092
(0.165)

More than 10 years’ 
experience

−0.634+
(0.354)

−0.573+
(0.341)

−0.243+
(0.139)

−0.211
(0.135)

−0.167
(0.125)

−0.152
(0.123)

−0.223
(0.161)

−0.210
(0.155)

NBC 0.672*
(0.273)

0.457+
(0.263)

0.152
(0.107)

0.074
(0.104)

0.210*
(0.096)

0.170+
(0.095)

0.310*
(0.124)

0.213+
(0.119)

Graduate degree −0.057
(0.221)

−0.013
(0.212)

0.029
(0.087)

0.050
(0.084)

−0.053
(0.078)

−0.037
(0.077)

−0.032
(0.100)

−0.026
(0.096)

Licensure exam scores 
(Std.)

0.163
(0.179)

0.183
(0.173)

−0.005
(0.070)

−0.004
(0.069)

0.089
(0.063)

0.093
(0.063)

0.079
(0.081)

0.094
(0.079)

EPP match −0.094
(0.235)

−0.252
(0.229)

−0.005
(0.092)

−0.033
(0.091)

−0.026
(0.083)

−0.064
(0.083)

−0.063
(0.107)

−0.155
(0.104)

Prior evaluation ratings 0.659**
(0.237)

0.507*
(0.232)

0.164+
(0.093)

0.113
(0.092)

0.143+
(0.084)

0.120
(0.084)

0.351**
(0.108)

0.274**
(0.105)

Observation count 3,005 3,005 3,005 3,005 3,005 3,005 3,005 3,005
EPP fixed effect No Yes No Yes No Yes No Yes
R2 .196 .261 .163 .216 .124 .151 .187 .257
Prior value-added 

estimate
−0.015
(0.131)

−0.013
(0.126)

0.010
(0.051)

0.010
(0.050)

−0.026
(0.046)

−0.022
(0.045)

0.001
(0.060)

−0.001
(0.057)

Exceeds expected 
growth

0.325
(0.443)

0.244
(0.424)

0.248
(0.174)

0.230
(0.169)

−0.016
(0.157)

−0.026
(0.155)

0.092
(0.201)

0.040
(0.192)

Meets expected growth 0.570
(0.404)

0.487
(0.387)

0.332*
(0.158)

0.302*
(0.155)

0.038
(0.143)

0.025
(0.141)

0.199
(0.184)

0.159
(0.175)

Observation count 2,263 2,263 2,263 2,263 2,263 2,263 2,263 2,263
EPP fixed effect No Yes No Yes No Yes No Yes
R2 .193 .267 .155 .215 .127 .157 .176 .259

Note. Models control for candidate characteristics. NBC = National Board Certification; EPP = educator preparation programs.
+, *, and ** indicate statistical significance at the .10, .05, and .01 levels, respectively.
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There are several noteworthy results in Table 5. 
Conditional on other placement characteristics, estimates 
suggest that the benefits of student teaching in a high 
value-added school (exceeds expected growth) accrue to 
candidates with higher GPAs and to Black and Hispanic 

candidates. For example, Black and Hispanic candidates 
who student-taught in a school that exceeds expected 
growth have edTPA scores 2.3 points higher than other 
Black and Hispanic candidates from the same EPP who 
student-taught in a school that did not meet expected 

Table 5. Heterogeneous Effects by Candidate GPA and Candidate Race/Ethnicity (edTPA Total Score).

Characteristics of placement schools 
and cooperating teachers

Candidate GPA Candidate of color status

Bottom 
quartile

Middle 
quartiles

Top  
quartile White

Black or 
Hispanic

Placement school results  
 % Economically disadvantaged −0.191

(0.151)
−0.143+
(0.086)

−0.136
(0.120)

−0.194**
(0.068)

−0.047
(0.204)

 % Students of color 0.021
(0.144)

0.114
(0.089)

−0.016
(0.119)

0.049
(0.069)

−0.052
(0.208)

 Short-term suspension rate 0.130
(0.186)

0.185
(0.130)

0.105
(0.203)

0.193+
(0.104)

−0.016
(0.253)

 Exceeded expected growth −0.127
(0.630)

0.907*
(0.384)

1.163*
(0.559)

0.388
(0.304)

2.323**
(0.876)

 Met expected growth −0.566
(0.616)

0.544
(0.351)

0.894+
(0.509)

0.314
(0.282)

1.255
(0.850)

 Teacher retention (Std.) −0.992**
(0.381)

0.098
(0.225)

0.002
(0.292)

−0.214
(0.174)

−0.076
(0.527)

 Collaboration (Std.) 0.130
(0.269)

−0.164
(0.165)

−0.069
(0.236)

−0.094
(0.129)

−0.313
(0.391)

Cooperating teacher results  
 Female 0.168

(0.658)
0.947*

(0.479)
−0.323
(0.679)

0.387
(0.351)

1.120
(1.220)

 Teacher of color −0.498
(0.807)

−0.684
(0.484)

1.266+
(0.710)

0.158
(0.401)

−0.441
(0.944)

 6–10 years’ experience −0.457
(0.804)

−0.522
(0.493)

0.396
(0.745)

−0.211
(0.396)

−0.394
(1.066)

 More than 10 years’ experience −0.605
(0.767)

−0.712
(0.493)

−0.350
(0.689)

−0.571
(0.371)

0.288
(1.032)

 NBC 1.144+
(0.594)

0.293
(0.367)

0.137
(0.496)

0.428
(0.282)

0.840
(0.858)

 Graduate degree 0.909+
(0.478)

−0.159
(0.294)

−0.536
(0.412)

0.119
(0.229)

−0.870
(0.698)

 Licensure exam scores (Std.) 0.305
(0.391)

0.322
(0.241)

−0.056
(0.337)

0.235
(0.188)

−0.195
(0.537)

 EPP match −0.788
(0.509)

−0.169
(0.316)

0.006
(0.459)

−0.398
(0.363)

0.723
(0.760)

 Prior evaluation ratings 0.288
(0.522)

0.505
(0.315)

0.867+
(0.467)

0.480+
(0.251)

−0.603
(0.736)

 Observation count 728 1491 786 2560 350
 R2 .260 .240 .209 .248 .405
 Prior value-added estimate 0.221

(0.288)
0.001

(0.171)
−0.242
(0.253)

−0.001
(0.138)

0.027
(0.374)

 Exceeds expected growth 1.967*
(0.947)

−0.406
(0.592)

0.458
(0.847)

0.291
(0.460)

−0.219
(1.337)

 Meets expected growth 2.172*
(0.851)

−0.143
(0.543)

0.244
(0.780)

0.438
(0.422)

0.092
(1.109)

 Observation count 539 1,131 611 1930 266
 R2 .258 .248 .226 .250 .468

Note. Models control for candidate characteristics and include an EPP fixed effect. NBC = National Board Certification; EPP = educator preparation 
programs; GPA = grade point averages.
+, *, and ** indicate statistical significance at the .10, .05, and .01 levels, respectively.
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growth. Similarly, candidates from the middle and top GPA 
quartiles who student-taught in a high value-added school 
have edTPA scores approximately 1 point higher than 
peers from the same GPA quartile who student-taught in a 
school that did not meet growth. Estimates for serving in a 
high value-added school for White candidates and candi-
dates in the bottom GPA quartile are smaller in magnitude 
and statistically insignificant.

Regarding cooperating teacher characteristics, estimates 
indicate that candidates with bottom quartile GPAs particularly 
benefit from well-credentialed mentors. Relative to others in 
the bottom GPA quartile, candidates matched to a cooperating 
teacher with NBC or a graduate degree have edTPA scores 1.1 
and 0.90 points higher, respectively. Estimates for the cooperat-
ing teacher effectiveness measures indicate candidates in the 
top GPA quartile especially benefit from a cooperating teacher 
with higher prior-year evaluation ratings. Candidates in the 
bottom GPA quartile especially benefit from having a cooper-
ating teacher who met or exceeded expected growth in the pre-
vious year. With such a small sample, it is important to be 
cautious when considering the cooperating teacher estimates 
for Black and Hispanic candidates. Nonetheless, several of 
their nonsignificant estimates deserve further investigation, 
including those for a cooperating teacher of color and for 
cooperating teacher evaluation ratings.

Discussion

Our analyses are motivated by recent work indicating that 
inservice teachers who student-taught in high-quality learning 
environments and with highly effective cooperating teachers 
are more effective (Goldhaber, Krieg, et al., 2017; Goldhaber, 
Krieg, Naito, et al., 2020; Ronfeldt, 2012, 2015, 2021; 
Ronfeldt et al., 2018). This prior work emphasizes the role of 
learning environments in shaping candidate development. Our 
analyses are also motivated by an opportunity to further inform 
placement decisions and to help policymakers and teacher 
educators consider the role of TPAs in teacher education and 
licensure. Overall, we identified three key findings.

First, we find that candidates have higher edTPA scores 
when they student-teach in a high value-added school and 
when they are matched to a cooperating teacher with higher 
prior-year evaluation ratings. These results mirror those from 
prior student teaching research (Goldhaber, Krieg, Naito,  
et al., 2020; Ronfeldt, 2015; Ronfeldt et al., 2018) and sup-
port the notion that high-quality learning environments fur-
ther the development of candidates. One exception is that we 
do not find a significant relationship between cooperating 
teacher value-added and candidates’ edTPA scores. While 
surprising, this nonsignificant result is consistent with previ-
ous work in North Carolina showing that cooperating teacher 
value-added does not predict inservice teacher performance 
(Bastian et al., 2020).

Second, we find that candidates have higher edTPA scores 
when matched to a cooperating teacher who may be more 

familiar with performance assessments. In particular, candi-
dates matched to a cooperating teacher with NBC earn higher 
edTPA scores than peers without such a placement. This cor-
responds to case study results from Kissau and colleagues 
(2019), who found that cooperating teachers with NBC pro-
vide their candidates with more detailed and meaningful 
feedback on the edTPA. This suggests that candidates may 
learn more—both about quality instruction and the prepara-
tion of a quality TPA—when matched to a cooperating 
teacher who has successfully completed their own portfolio.

Finally, we return some evidence that the relationships 
between student teaching environments and edTPA scores 
may vary by characteristics of the candidate. In particular, 
candidates with lower GPAs especially benefit from a well-
credentialed and effective (as measured by value-added) 
cooperating teacher. Black and Hispanic candidates espe-
cially benefit from student teaching in a high value-added 
school. Further work must replicate and extend these analy-
ses to confirm their validity and to better understand underly-
ing mechanisms. Nonetheless, these types of subgroup 
analyses can begin to help EPPs secure more intentional and 
individualized placements for candidates.

Before considering implications for policy and practice, it 
is important to review limitations of our work. One potential 
limitation involves the generalizability of our estimates to 
other TPAs and implementation contexts. We do not know 
the extent to which our edTPA results would generalize to 
other candidate performance assessments (e.g., Praxis 
Performance Assessment for Teachers [PPAT]). While we 
hypothesize that placement characteristics would influence 
scores on other TPAs, further work is necessary to investi-
gate this possibility. Similarly, TPAs did not become conse-
quential for licensure in North Carolina until the 2018–2019 
year. As such, during our study period, candidate perfor-
mance on the edTPA was only subject to a range of local 
consequences. It is possible that the relationship between 
placement environments and edTPA scores will change with 
the presence of higher stakes.13

A second potential limitation involves clarifying the 
mechanism(s) explaining our results. Estimates showing 
that candidates earn lower edTPA scores in placements with 
more economically disadvantaged students suggest that 
biases may be present—that is, in such environments, it 
may be more challenging for candidates to enact the instruc-
tion that edTPA expects. This speaks to larger potential 
concerns about the reliability of edTPA scoring (Gitomer  
et al., 2021). However, given prior work on the associations 
between student teaching placements and candidate/teacher 
performance—including recent random assignment studies—
and analyses showing that candidates do not sort into high-
quality learning environments (Table 2), we argue that our 
results are suggestive of candidate learning. Specifically, 
our results suggest that through exposure to high-quality 
learning environments—that is, high value-added schools, 
highly rated teachers, NBC teachers—candidates learn and 
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score higher on their edTPA than they would have without 
such an experience.

We are reluctant to draw strong conclusions, as our results 
are exploratory and the mechanisms are suggestive but not 
fully clear. Nonetheless, there are several implications worth 
highlighting. To begin, our results further illustrate the value 
of student teaching placements in high-quality learning envi-
ronments and with highly effective cooperating teachers. 
Research now demonstrates that such placements predict 
outcomes for teacher candidates and inservice teachers. 
Collectively, these findings emphasize the importance of 
EPP intentionality in forming closer partnerships with P-12 
districts and cooperating teachers and in placing candidates 
in rich learning environments. This action should benefit 
candidate learning and future effectiveness.14

Given our findings, there are also potential implications 
for how states and EPPs use TPA data. Our key estimates, 
for high value-added schools, for cooperating teachers 
with NBC, and for cooperating teacher evaluation ratings, 
are relatively modest in magnitude. These estimates will 
not change high-stakes decisions for most candidates. 
However, for candidates near a cut-score threshold, it is 
possible that their student teaching placement may influ-
ence whether they pass or fail the edTPA. To further under-
stand this concern, we examined the distribution of edTPA 
scores in North Carolina. Among the 2,842 candidates in 
our analytical sample, 341 (approximately 12%) were 
within 2 points of North Carolina’s current cut score of 38. 
Further analyses show that those within 2 points of the cut 
score were more likely to be in the bottom GPA quartile 
and to be a candidate of color. For instance, while Black 
and Hispanic candidates make up less than 12% of the 
sample, they comprised nearly 19% of those within 2 
points of the cut score. This result is consistent with prior 
work on certification exams and teacher race/ethnicity 
(Cowan et al., 2020; Goldhaber & Hansen, 2010) and sug-
gests that high-stakes licensure decisions may be dispro-
portionately impacted for certain candidates.

Moving forward, if research continues to find associa-
tions between student teaching environments and TPA per-
formance, states and EPPs could consider statistical 
adjustments to TPA scores. For example, to the extent that 
cooperating teacher quality differs across candidates, states 
could credit/increase the TPA score of candidates with a less 
effective cooperating teacher. This would fit with a mecha-
nism of candidate learning—that is, certain candidates had 
an opportunity to learn more about effective instruction 
given their placement—and would be consistent with pro-
posals to adjust the evaluation ratings of inservice teachers 
based on characteristics of their work environment (Campbell 
& Ronfeldt, 2018; Steinberg & Sartain, 2021). As a next 
step, we invite additional research in different contexts and 
with qualitative and quantitative analyses. Better understand-
ing mechanisms and generalizability will further inform the 

placement decisions of EPPs and the use of TPAs by states 
and EPPs.
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Notes

 1. edTPA World Language and Classical Language handbook 
areas have only 13 rubrics; edTPA Elementary Education 
Literacy with Mathematics (or Elementary Education 
Mathematics with Literacy) handbook areas have 18 rubrics.

 2. White candidates make up 85% of our sample. Of the 445 can-
didates of color in our sample, 53% are Black and 26% are 
Hispanic.

 3. We exclude handbook areas with less than 15 rubrics. We only 
consider Rubrics 1–15 if an edTPA handbook has 18 rubrics.

 4. In North Carolina, the SAS Institute estimates a continuous 
measure of school value-added, which is the extent to which 
student achievement at the school differs from expectation. 
With this continuous measure, schools are classified as not 
meeting, meeting, or exceeding expected growth.

 5. The four survey items are as follows: (a) teachers have time 
available to collaborate with colleagues; (b) professional 
development provides ongoing opportunities for teachers to 
work with colleagues to refine teaching practices; (c) teach-
ers collaborate to achieve consistency on how student work 
is assessed; and (d) teachers have knowledge of the content 
covered and instructional methods used by other teachers at 
this school. Teacher responses to each item were on a 5-point 
scale from strongly disagree to strongly agree.

 6. Our preferred model includes indicators for teachers with 6–10 
years of experience and with more than 10 years of experi-
ence (in reference to those with less than 6 years’ experience). 
We also estimate models with a linear and quadratic term for 
teacher experience.

 7. Principals rate teachers on up to five professional teaching 
standards. However, after 3 years of employment, most teach-
ers receive an abbreviated evaluation and are only rated on 
the Leadership and Facilitating Student Learning standards. 
Principals use teacher-submitted artifacts and conduct at least 
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two classroom observations during the year. At the end of the 
year, principals rate teachers from 1 to 5 on each standard—not 
demonstrated, developing, proficient, accomplished, and dis-
tinguished. Prior work in North Carolina indicates that concur-
rent correlations between evaluation ratings and value-added 
are approximately 0.20 and statistically significant (Henry & 
Guthrie, 2015).

 8. We acknowledge concerns with the validity and reliabil-
ity of value-added measures (American Education Research 
Association, 2015). We consider value-added because it is a 
policy-relevant measure of teacher performance that is predic-
tive of short- and long-term student outcomes (Chetty et al., 
2014) and because cooperating teacher value-added predicts 
early-career teacher performance (Goldhaber, Krieg, Naito,  
et al., 2020).

 9. All of the candidates in our sample have cooperating teach-
ers with prior evaluation ratings; approximately 75% of can-
didates have a cooperating teacher with prior value-added. 
Nearly 85% of cooperating teachers have 2 years of prior 
instructional performance data.

10. We standardize candidates’ cumulative GPA within educator 
preparation program (EPP) and graduating cohort. With this 
standardized measure, we place candidates into GPA quartiles.

11. Given prior work showing that evaluation ratings are likely 
biased against teachers of color (Steinberg & Sartain, 2021), 
this difference in evaluation ratings may be due to Black and 
Hispanic candidates being more likely to have a cooperating 
teacher of color.

12. As an additional specification check, we estimate multilevel 
models with candidates nested within EPPs. These results are 
comparable to those from our preferred analyses and are avail-
able in an Online Appendix.

13. Another concern is that EPP experience in implementing TPAs 
may influence placement decisions and candidate TPA scores. 
In additional models, we controlled for the first year of edTPA 
implementation at an EPP. Results from these models are simi-
lar to those in Tables 3 and 4.

14. Improving student teaching environments requires having 
enough high-quality placements for all candidates and being 
able to reliably identify such placements. Recent scholarship 
shows there is ample scope for change in placements—for 
example, there are many more highly effective teachers in geo-
graphic proximity to an EPP than are needed to serve in coop-
erating teacher roles (Goldhaber, Krieg, Naito, et al., 2020). 
Recent work in Tennessee also shows that districts respond 
to data identifying effective placements (Ronfeldt, Bardelli, 
Truwit, et al., 2020).
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